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Seguro Popular)

Most large scale public policy evaluations fail:
~> New “politically robust” methods

White House executive orders requiring openness
Local governments competing to share data

Rise of systematic observational analyses (e.g., Social Security
evaluation)

Look for: new research (and new methods) from partnerships
between researchers and governments

6/18



E.g.: Bias in Social Security Administration Forecasts

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular

e Forecasts: used for programs comprising > 50% of the US
expenditures;

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular

e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular

e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than

expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular

e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out

e First evaluation of SSA forecasts in 85 years:
e Methods:

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular

e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out

e First evaluation of SSA forecasts in 85 years:
e Methods: little changed;

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative;

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular

e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out

e First evaluation of SSA forecasts in 85 years:

e Methods: little changed; mostly qualitative; a time when we've
learned more about forecasting than at any time in history

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've

learned more about forecasting than at any time in history
o Results:

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've

learned more about forecasting than at any time in history
e Results: unbiased until 2000:

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've
learned more about forecasting than at any time in history
e Results: unbiased until 2000; systematically biased after

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've
learned more about forecasting than at any time in history
e Results: unbiased until 2000; systematically biased after
e Actuaries hunkered down, insulated themselves, refused to
budge when Democrats & Republicans pushed hard for changes

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've
learned more about forecasting than at any time in history
e Results: unbiased until 2000; systematically biased after
e Actuaries hunkered down, insulated themselves, refused to
budge when Democrats & Republicans pushed hard for changes
e In the process, they also insulated themselves from the facts:

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've
learned more about forecasting than at any time in history
e Results: unbiased until 2000; systematically biased after
e Actuaries hunkered down, insulated themselves, refused to
budge when Democrats & Republicans pushed hard for changes
e In the process, they also insulated themselves from the facts:
Especially since 2000, Americans started living unexpectedly
longer lives

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've
learned more about forecasting than at any time in history
e Results: unbiased until 2000; systematically biased after
e Actuaries hunkered down, insulated themselves, refused to
budge when Democrats & Republicans pushed hard for changes
e In the process, they also insulated themselves from the facts:
Especially since 2000, Americans started living unexpectedly
longer lives (due to statins, early cancer detection, etc.)

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've
learned more about forecasting than at any time in history
e Results: unbiased until 2000; systematically biased after
e Actuaries hunkered down, insulated themselves, refused to
budge when Democrats & Republicans pushed hard for changes
e In the process, they also insulated themselves from the facts:
Especially since 2000, Americans started living unexpectedly
longer lives (due to statins, early cancer detection, etc.)
e New customized analytics we developed:

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've
learned more about forecasting than at any time in history
e Results: unbiased until 2000; systematically biased after
e Actuaries hunkered down, insulated themselves, refused to
budge when Democrats & Republicans pushed hard for changes
e In the process, they also insulated themselves from the facts:
Especially since 2000, Americans started living unexpectedly
longer lives (due to statins, early cancer detection, etc.)
e New customized analytics we developed:
e Logical consistency (e.g., older people have higher mortality)

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've
learned more about forecasting than at any time in history
e Results: unbiased until 2000; systematically biased after
e Actuaries hunkered down, insulated themselves, refused to
budge when Democrats & Republicans pushed hard for changes
e In the process, they also insulated themselves from the facts:
Especially since 2000, Americans started living unexpectedly
longer lives (due to statins, early cancer detection, etc.)
e New customized analytics we developed:
e Logical consistency (e.g., older people have higher mortality)
o Far more accurate forecasts

7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've
learned more about forecasting than at any time in history
e Results: unbiased until 2000; systematically biased after
e Actuaries hunkered down, insulated themselves, refused to
budge when Democrats & Republicans pushed hard for changes
e In the process, they also insulated themselves from the facts:
Especially since 2000, Americans started living unexpectedly
longer lives (due to statins, early cancer detection, etc.)
e New customized analytics we developed:
e Logical consistency (e.g., older people have higher mortality)
o Far more accurate forecasts
e ~~ Trust fund needs > $800 million more than SSA thought
7/18



E.g.: Bias in Social Security Administration Forecasts

e Social Security: single largest government program; lifted a
whole generation out of poverty; extremely popular
e Forecasts: used for programs comprising > 50% of the US
expenditures; e.g., if retirees draw benefits longer than
expected, the Trust Fund runs out
e First evaluation of SSA forecasts in 85 years:
e Methods: little changed; mostly qualitative; a time when we've
learned more about forecasting than at any time in history
e Results: unbiased until 2000; systematically biased after
e Actuaries hunkered down, insulated themselves, refused to
budge when Democrats & Republicans pushed hard for changes
e In the process, they also insulated themselves from the facts:
Especially since 2000, Americans started living unexpectedly
longer lives (due to statins, early cancer detection, etc.)
e New customized analytics we developed:
Logical consistency (e.g., older people have higher mortality)
Far more accurate forecasts
~» Trust fund needs > $800 million more than SSA thought

[ )
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e Expert-vs-analytics contests: Whenever enough information is
quantified, a right answer exists, and good analytics are
applied: analytics wins.

e But: There's always qualitative information that hasn't been
quantified

e Look for: new methodological solutions to the quant-qual
divide.
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e Dataverse: largest collection of social science research data

e solve political problems technologically: Breaks the choice
between individual credit and permanent archiving

o dataverse automates the job of the archivist

e a complete archive on your site, with no installations

e Huge array of analytics and behavioral incentives feed back
and improve science

e Look for: huge potential in applying social science insights to
improve science
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e Solved physical science problems: human generated global
warming, biodiversity, teaching evolution
e Solved problems in the science of science: replication and data
sharing, science funding
e Genomics, proteomics, brain scanning, etc., all producing huge
numbers of person-level variables

e Look for: new science—social science partnerships, and
merging of methods
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e Median keywords recalled: 8

e Unique keywords recalled by 43 undergrads: 149

o Keywords 42 of 43 failed to recall: 98 (66%)

e ~~ Humans recognize keywords well, recall them poorly

e Thresher: New technology to discover the right keywords
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